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f(z,y,2) = (z +y)z
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Another example:  f(w,z) Computational graph
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Patterns in gradient flow
add gate: gradient distributor
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Patterns in gradient flow

add gate: gradient distributor mul gate: “swap multiplier”
3 2
2 ~a 7 5%3=15 ™\ 6
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2 2*5=10
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Patterns in gradient flow

add gate: gradient distributor mul gate: “swap multiplier”
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