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Vargas, S. and Castells, P., 2011, October.
Rank and relevance in novelty and diversity
metrics for recommender systems.
In Proceedings of the fifth ACM conference
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N E -I- F I_ l H Shaun Dishman = | Your Account

Browse | Recommendations § Friends Buy DVDs | Movies, actors, d

Home Genres - Mew Releases Metflix Top 100 Critics' Picks A ard Winners

Movies For You

OTHER MOVIES YOU MIGHT ENJOY

Shaun, the following movies wers

chosen based on your interest in:

MAS_H The Sisterhood of the Ma and ¥You and
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Home Rules Leaderboard Update

Leaderboa |‘d https://www.netflixprize.com/leaderboard.htr

Showing Test Score. Click here to show quiz score

Rank Team Name Best Test Score % Improvement Best Submit Time

Grand Prize - RMSE = 0.8567 - Winning Team: BellKor's Pragmatic Chaos

1 . BellKor's Pragmatic Chaos 0.8567 10.06 © 2009-07-26 18:18:28
2 | TheEnsemble 5 0.8567 | 10.06 © 2009-07-26 18:38:22
3 © Grand Prize Team 0.8582 9.90 ' 2009-07-10 21:24:40
4 ' Opera Solutions and Vandelay United 0.8588 9.84 ' 2009-07-10 01:12:31
5 ' Vandelay Industries ! 0.8591 9.81 © 2009-07-10 00:32:20
6 | PragmaticTheory | 0.8594 | 9.77 | 2000-06-24 12:06:56
7 ' BellKor in BigChaos ' 0.8601 : 9.70 ' 2009-05-13 08:14:09
8 | Dace ; 0.8612 | 9.59 | 2009-07-24 17:18:43
9  Feeds2 ' 0.8622 E 9.48 © 2009-07-12 13:11:51
10 | BigChaos 5 0.8623 5 9.47 | 2000-04-07 12:33:59
11 ' Opera Solutions 0.8623 9.47 . 2009-07-24 00:34:07
12 ' BellKor . 0.8624 E 9.46 . 2009-07-26 17:19:11

13 | xiangliang 5 0.8642 5 9.27 | 2000-07-15 14:53:22
14 | Gravity 5 0.8643 5 9.26 | 2000-04-22 18:31:32
15 | Ces 5 0.8651 5 9.18 | 2009-06-21 19:24:53
16 | Invisible Ideas 5 0.8653 | 9.15 | 2000-07-15 15:53:04
17 ©  Justaguyin a garage 0.8662 ! 9.06 - 2009-05-24 10:02:54 |

18 | JDennis Su 5 0.8666 5 9.02 | 2009-03-07 17:16:17
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MATRIX
FAGTORIZATION
TEGHNIQUES FOR
RECOMMENDER

SYSTEMS

Yehuda Koren, Yahoo Research

Robert Bell and Chris Volinsky, AT&T Labs—Research

As the Netflix Prize competition has dem-
onstrated, matrix factorization models
are superior to classic nearest-neighbor
techniques for producing product recom-
mendations, allowing the incorporation
of additional information such as implicit
feedback, temporal effects, and confidence
levels.

Such systems are particularly useful for entertainment
products such as movies, music, and TV shows. Many cus-
tomers will view the same movie, and each customer is
likely to view numerous different movies. Customers have
proven willing to indicate their level of satisfaction with
particular movies, so a huge volume of data is available
about which movies appeal to which customers. Com-
panies can analyze this data to recommend movies to
particular customers.




.H-H—

H A

% g 1

il &P €

D

7= o

3 |14 |5 |6 |7 9 (1011 |12
1 215] [215] |4
2 4 4 13
3 12| (3| |4|3]5
g 4| (5] |? 2
5 4 (3[4 |2 212 |5
6 3| |3 4

- unknown rating

- rating between 1to 5




= k
112 |3 (4 |5 |6 (7 (8 |9 |[10(11 (12 n
T {1 3 9 5 4 .
M 2 4 1|3 " X 7 eelS B k
B 32014 (1]2] (3| |4|3]5 o~ E:«g
4 2 4| |5 4 2 ’g; m
5 34 |2 Z |5
e
6 11 3 3 2 4
- unknown rating - rating between 110 5 g&

DRI P S
— .
rui—pu qi

pH AP uAKEIRRF0E, qX F RitiKEERTOE,




Serious
.
The Color Purple Amadeus "3

@ Lethal Weapon
Sense and
Geared Sensibility I Ocearfs 11 M ! Geared

toward < T e — tOWard
females males
e/ The Lion Kin
g Dumb and
-aza] Dumber
The Princess Independence| | @==¢"
Diaries Day R

Escapist

Figure 2. A simplified illustration of the latent factor approach, which
characterizes both users and movies using two axes—male versus female
and serious versus escapist.

Peus = (2. 8, —3.2)
Qindependence Day = (1.8, —3.2)
dThe Color Purple = (—2, 3-4)
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