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Using the Hypothetical Development Method Based on Monte Carlo
Simulation to Improve the Valuation of Base Price of Land Leasing

QU Wei-dong, YU Yang
School of Public Administration and Policy, Renmin University of China, Beijing 100872, China

Abstract: The purpose of the paper is to improve the hypothetical development method by using the theory of Monte
Carlo simulation, aiming to enhance the efficiency of land price evaluation. Through this, the paper also provides the
basis for making a reasonable base price of land leasing and a reasonable range of the premium rate. The methods include
Monte Carlo simulation, the improved hypothetical development method and automatic evaluation by programming in
Matlab. The result showed that 1 the accuracy of hypothetical development method is limited by the price prognoses
and the subjective judgment of valuation parameters. 2 Valuation result of the improved method locates at the price
distribution that has certain statistical properties. According to the overall distribution characteristics, it can not only
improve the reliability of evaluation, but also predict the reasonable base price of land leasing and the reasonable range
of the premium rate. The result of empirical test subsequently proves it. The conclusion is that hypothetical development
method based on Monte Carlo simulation will be more practical for land price appraisal in China, which can help the
government to make land-leasing decisions.
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Tab.1 The category and distribution of various parameters in the valuation model
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Fig.1 The price trend of the project since 2013 May
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Tab.2 The value and distribution of the valuation parameters
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Fig.2 The histogram results of different simulation times

3
Tab.3 The descriptive statistics of the simulation results
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