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Research on Method of Real Estate Sales Trend Forecast Based on ARMA Model
DENG Jia—wen, CHEN Ji—hong
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Abstract: Data mining refers to the extraction of implicit information from a large number of objective, noisy and random data
through algorithms. With the continuous development of the real estate industry, the amount of data is getting larger and larger. The
data mining technology is applied to the real estate industry to process and analyze the sales data, so as to truly reflect the value of
data. In this paper, a real estate data of a city in jiangsu province is taken as a case to conduct a quantitative study to demonstrate
the modeling process. The model is improved based on ARMA model and combined with weighted least square method. The result
shows that the weighted least square method and ARMA model have good adaptability, and the optimization model has a significant

improvement in the prediction accuracy. It aims to grasp the current situation of the industry and provide decision—-making guid-

ance for the development plan and marketing strategy of the real estate industry.
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